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BACKGROUND COMPUTATIONAIL META-ANALYSIS MODEL-BASED EXPERIMENTAL DESIGN

There are many shortcoming with the available analyses. To address some of
these, we leverage this modeling approach to generate a novel experiment

Perirhinal cortex (PRC) is 2 MTL structure situated at (1) Collect published experiments (11) model stimuli with VVS proxy (111) relate model-human behavior
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Competing accounts of PRC-related deficits on perceptual tasks:
Mnemonic Account: Does this computational proxy for the VVS reflect the behavior of PRC-lesioned subjects?

PRC-related deficits due to either (i) Damage in adjacent sensory cortex, e.g.
inferior temporal (IT) cortex or (i) Memory-related task demands (Suzuki 2009)
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meta-analytic results using an wntrained model
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- PRC-lesioned behavior is well approximated by computational model of the VVS

Boats

- Differential layer by layer fit to I'T correlates with differential fit to PRC-lesioned behavior
No: - Howevert, this differential fit to PRC-lesioned behavior is significant across all layers
- We could expect similar results regardless where PRC-lesioned behavior was reliant on

- PRC-intact behaviors (MTL-intact & HPC lesions) diverge from model performance
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- Results suggest PRC implicated in concurrent visual discrimination (‘oddity’) tasks
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- Leveraged model to develop experiment that exhibits ideal stimulus properties
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- Neurotypical divergence from I'T-supported accuracy covaries with reaction time
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